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Abstract	

	 Unemployment	is	an	issue	that	has	persisted	in	the	United	States,	especially	in	the	

aftermath	of	the	financial	crisis	of	2008	that	led	to	the	Great	Recession.	However,	in	order	

to	combat	unemployment,	states	have	employed	varying	policies	with	varying	results.	In	

this	paper,	I	aim	to	quantify	the	effects	of	these	different	state	policies	on	unemployment	

reduction	–	focusing	on	two	components	of	unemployment	benefits:	unemployment	

insurance	(UI)	and	employment	case	management.	By	compiling	United	States	census	and	

employment	data	on	a	state	level	and	performing	OLS	regression	analyses,	I	discover	that	

the	generosity	of	state	UI	packages	has	no	significant	effect	on	reducing	unemployment,	

and	the	implementation	of	employment	case	management	has	a	significant	effect	on	

unemployment	reduction	compared	to	the	use	of	traditional	unemployment	alleviation	

methods.	
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Introduction	

	 In	1932,	Wisconsin	became	the	first	state	to	offer	weekly	cash	payments	to	

unemployed	individuals	so	that	they	could	afford	basic	necessities	while	looking	for	stable	

work.	These	payments	were	used	as	a	relief	measure	for	workers	affected	by	the	Great	

Depression.	Following	with	Wisconsin’s	relief	program,	Franklin	Delano	Roosevelt	signed	

into	law	the	Social	Security	Act	of	1935	with	a	provision	that	included	monetary	assistance	

to	the	individuals	seeking	employment	–	this	became	the	first	formal	Unemployment	

Insurance	(UI)	program	and	established	the	precedent	that	unemployment	insurance	was	

based	on	federal	mandate	but	administered	independently	by	the	state	(U.S.	Department	of	

Labor	2007).	

	 Since	then,	states	have	carried	out	their	individual	UI	policies	to	address	their	own	

unemployment	issues	–	with	little	empirical	knowledge	of	its	effects.	After	a	flurry	of	

research	into	unemployment	insurance	in	the	late	1980s	and	1990s,	research	has	slowed	

and	had	never	been	performed	at	a	state	level.	The	Great	Recession	has	once	again	shined	a	

spotlight	on	the	importance	of	state	UI	programs.	During	the	Great	Recession,	federal	UI	

extensions	were	created	and	given	to	job	seekers	who	have	exhausted	their	state	UI	

benefits,	providing	up	to	73	weeks	of	extended	UI	at	its	peak	(U.S.	Department	of	Labor	

2007).	As	of	2017,	federal	extensions	continue	to	be	made	available	to	individuals	during	

periods	of	high	unemployment	for	up	to	13	additional	weeks	(U.S.	Department	of	Labor	

Employment	&	Training	Administration).	However,	states	are	still	seen	as	the	main	

administrators	of	UI,	having	control	over	the	minimum	weekly	UI	amount,	maximum	

amount,	whether	additional	aid	is	provided	to	unemployed	individuals	with	dependents,	
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and	the	duration.	While	states	believe	that	they	have	enacted	UI	policies	that	best	serve	the	

unemployed	individuals	in	their	jurisdiction,	the	effectiveness	of	this	variation	in	policy	

needs	to	be	determined.	

		 Case	management	is	a	service	provided	to	individuals	in	which	an	individual	is	given	

a	curated	set	of	resources	based	on	specific	needs	in	order	to	achieve	a	desired	goal.	In	the	

United	States,	case	management	is	most	popularly	used	in	the	healthcare	system.	Patients	

are	treated	as	“cases”	and	are	assigned	case	managers	to	personalize	patients’	care.	These	

case	managers	are	full-time	resources	for	patients,	offering	them	the	appropriate	treatment	

for	their	illnesses	at	the	appropriate	facility	based	on	time	and	money	restraints.	As	a	

result,	patients	are	healthy	more	quickly,	and	thus	they	are	less	strain	on	the	health	care	

systems	and	are	more	productive	members	of	society.	

The	same	principles	of	case	management	can	be	applied	to	unemployment.	While	

unemployment	is	a	natural	result	of	the	business	cycle	and	changing	economic	trends,	long	

term	unemployment	–	whether	cyclical	or	structural	–	is	a	pervasive	issue	that	drains	

public	resources	and	prevents	economies	from	functioning	at	its	optimal	capacity.	Case	

management	seeks	to	be	an	additional	component	to	the	solution	of	unemployment	–	

complementary	to	unemployment	insurance.	

Employment	case	management	–	which	will	be	simply	called	“case	management”	for	

the	rest	of	the	paper	–	is	a	workforce	investment	program	that	provides	guidance	and	

support	to	individuals	to	regain	employment	(Laird	2011).	Case	managers	offer	a	

personalized,	high-touch	service	to	not	only	place	individuals	into	occupations	quickly	but	

also	place	them	into	jobs	that	match	their	skills	and	desired	career	goals.	These	recipients	
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are	typically	claimants	of	unemployment	insurance,	and	case	managers	carry	out	four	

categories	of	activities	for	job	seekers:	skills	assessment,	career	planning,	coordination	of	

support	services,	and	job	matching/	placement/	follow	up	(Laird	2011).	

	 Since	the	1990s,	developed	nations	such	as	the	United	Kingdom,	Canada,	and	New	

Zealand	have	instituted	more	personalized	service	for	the	unemployed,	and	Australia	

created	a	nationwide	policy	of	utilizing	case	management	toward	re-employment	(OECD	

1998,	Davidson	2002,	Gursansky	2003).	However,	little	has	been	explored	on	the	

effectiveness	of	case	management	across	the	entire	United	States	where	the	topic	of	

welfare	–	especially	for	unemployment	–	can	be	politically	sensitive.	Given	recent	

discussion	of	conservative	fiscal	spending,	it	is	increasingly	important	to	find	effective	

solutions	to	long	term	unemployment	in	order	to	provide	resources	to	individuals	in	need	

while	simultaneously	reducing	welfare	dependency	and	promoting	self-sufficiency.	

According	to	the	Organisation	for	Economic	Cooperation	and	Development	(OECD),	

the	United	States	roughly	spends	0.4%	of	its	annual	GDP	on	public	unemployment	

spending	–		severely	lagging	behind	most	developed	OECD	nations	in	providing	resources	

to	unemployed	individuals	in	need	(Figure	A	of	Appendix).	The	question	is	raised:	can	the	

United	States	provide	more	resources	toward	combatting	unemployment	in	the	form	of	

unemployment	benefits?	Would	this	translate	to	a	larger	decrease	in	unemployment?	What	

components	of	unemployment	benefits	should	be	invested	into	in	order	to	have	the	largest	

impact	on	unemployment?	The	answers	to	these	driving	questions	may	serve	as	the	

foundation	of	unemployment	reform	in	this	country.	

	 In	this	study,	I	analyze	the	effect	of	two	unemployment	benefits,	unemployment	
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insurance	generosity	and	case	management,	offered	in	America	on	a	state	level.	My	

research	compares	unemployment	data	with	UI	generosity	(i.e.	the	amount	of	weekly	UI	

compensation)	and	the	presence	of	case	management	across	states	and	years	from	2007	to	

2016.	First,	I	will	outline	the	contributions	of	existing	literature	on	the	effects	of	UI	

generosity	and	case	management	on	unemployment.	Afterwards,	I	will	explain	my	data	

collection	methods	and	my	rationale	and	approach	toward	determining	the	effects	of	my	

two	variables	of	interest.	Next,	I	will	discuss	my	findings	and	the	implications	of	my	results	

on	state	re-employment	benefit	policies	moving	forward.	Finally,	I	will	conclude	with	

limitations	and	future	extensions	to	my	research.	
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Literature	Review	

	 Unemployment	insurance	is	a	widely	scrutinized	topic	due	to	its	politically	sensitive	

nature	–	conjuring	up	images	of	free	riders	who	manipulate	the	welfare	system	to	receive	

compensation	while	doing	no	work.	Existing	literature	often	references	the	“common	

belief”	that	unemployment	insurance	lengthens	the	duration	of	unemployment	because	it	

lowers	the	effort	a	claimant	puts	forth	in	securing	employment	(Shavell	&	Weiss	1979,	

Fallick	1991,	Hopenhayn	&	Nicolini	1997).	In	fact,	previous	studies	have	verified	this	belief.	

In	their	paper	“The	Impact	of	the	Potential	Duration	of	Unemployment	Benefits	on	the	

Duration	of	Unemployment”,	Lawrence	Katz	and	Bruce	Meyer	(1988)	found	that	increases	

in	unemployment	insurance	duration	led	to	increases	in	the	average	duration	of	

unemployment	for	UI	claimants.	The	effect	is	even	prevalent	outside	of	America,	where	

Rafael	Lalive	(2007)	showed	that	large	extensions	in	UI	duration	in	the	Austrian	UI	system	

of	up	to	170	weeks	led	to	an	increase	in	the	duration	of	unemployment.	

	 However,	these	studies	focused	on	the	duration	of	UI,	while	my	research	tries	to	

determine	the	effect	on	unemployment	of	the	weekly	monetary	amount	of	UI	given	to	

claimants.	Katz	and	Meyer	(1998)	reveal	that	increasing	the	weekly	amount	of	UI	is	better	

at	not	having	a	negative	effect	on	unemployment	duration	than	increasing	the	duration	of	

UI;	however,	that	is	all	the	findings	they	give	on	the	effect	of	UI	amount,	as	their	focus	was	

mainly	UI	duration.	With	that	said,	in	the	paper	“Unemployment	Insurance	and	

Unemployment	Spells”,	Meyer	(1990)	creates	additional	research	around	the	effect	of	the	

amount	of	unemployment	insurance	on	unemployment	duration.	This	study	showed	that	
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higher	levels	of	UI	weekly	amounts	had	“a	strong	negative	effect	on	the	probability	of	

leaving	unemployment”	for	an	individual.	

	 A	1991	study	on	displaced	workers	showed	that	the	amount	of	weekly	UI	had	no	

effect	on	the	rate	of	transition	from	employment	to	re-employment	(Fallick	1991).	

Irrespective	of	the	amount	of	weekly	UI,	unemployment	insurance	was	shown	to	be	

effective	at	increasing	re-employment	in	the	beginning	of	an	individual’s	unemployment	

spell,	but	it	became	less	effective	as	the	individual	approached	UI	expiration.	Moreover,	UI	

levels	didn’t	help	displaced	workers	get	re-employed	faster	in	their	initial	industry,	and	UI	

levels	actually	slowed	the	rate	of	employment	in	a	new	industry	(Fallick	1991).	

	 Thus,	existing	literature	shows	that	unemployment	insurance	is	not	effective	at	the	

reduction	of	unemployment.	However,	unemployment	insurance	is	still	seen	as	important,	

as	the	reservation	wages	allow	job	seekers	to	be	less	risk-averse	and	try	to	attain	jobs	that	

better	fit	their	skills	and	interests	which	maximizes	output	for	society	(Hopenhayn	&	

Nicolini	1997).	All	the	previous	studies	mentioned	looked	at	UI	benefits	at	an	individual	

level	–	employing	individual	rational	choice	models	such	as	the	job	search	model	to	find	the	

effect	of	UI	on	unemployment.	As	a	result	of	this	individual	approach,	these	studies	all	have	

small	sample	sizes	of	1115	interviewed	households	over	one	year	(Katz	&	Meyer	1988),	

3365	male	UI	claimants	in	12	states	across	6	years	(Meyer	1990),	and	1190	displaced	

workers	over	one	year	(Fallick	1991).	My	research	uses	an	aggregate	model,	looking	at	

unemployment	at	a	state	level	across	all	states	and	Washington	D.C.	over	10	years	while	

utilizing	a	data	source	of	over	3	million	observations.	This	difference	in	methodology,	along	

the	use	of	recent	data	that	includes	policy	and	sentiment	changes	from	the	Great	Recession,	
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leads	me	to	deviate	from	existing	literature	and	hypothesize	that	state	UI	generosity	has	a	

significant	effect	on	the	reduction	of	unemployment	rate.		

Existing	literature	on	the	effectiveness	of	case	management	can	be	separated	into	

two	buckets:	literature	in	countries	comparable	to	the	United	States	and	literature	on	a	

specific	subpopulation	within	the	United	States.	With	the	former,	Australia	has	been	widely	

seen	as	a	case	study	on	nationwide	implementation	of	case	management	in	their	

employment	welfare	system.	In	1994,	the	government	created	the	Job	Compact,	a	social	

contract	in	which	the	government	guaranteed	a	job	to	any	long-term	unemployed	

individual,	and	in	return	the	individual	was	obligated	to	accept	any	job	position	that	was	

deemed	reasonable	(Gursansky	2003).	The	Job	Compact	was	eligible	to	any	Australian	

citizen	who	had	been	unemployed	for	18	months	(OECD	1998),	and	case	management	was	

the	preferred	method	of	service	to	assist	these	individuals	in	securing	employment.	

A	1996	study	on	women’s	experiences	with	the	Job	Compact	revealed	that	there	was	

no	positive	correlation	between	having	received	case	management	and	their	reported	

employment	outcomes	(Gursansky	2003);	with	that	said,	it	was	argued	that	the	relative	

newness	of	case	management	as	a	service	and	the	changing	policies	of	its	administration	to	

individuals	made	it	difficult	to	evaluate	case	management’s	effect	on	unemployment	

(Eardley	&	Thompson	1997).	

	 However,	the	Job	Compact	was	eventually	retired,	as	the	program	faced	political	

pressure	due	to	its	high	costs	and	low	return	on	investment	for	society.	The	program	

focused	on	helping	individuals	who	struggled	with	long-term	unemployment	–	individuals	

who	had	developed	personal	issues	and	thus	were	hard	to	hire.	An	estimated	$8860	AUD	
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was	put	into	each	individual	in	the	program:	$660	from	case	management	and	$8200	for	

the	ballooning	program	costs	(Davidson	2002).	Case	management	was	ultimately	not	

effective	in	reducing	unemployment	in	Australia.	

	 The	other	bucket	of	literature	focused	on	case	management	in	America	for	

individuals	with	history	of	substance	abuse.	A	2001	study	provided	a	case	study	of	10	

chronically	unemployed	individuals	who	were	on	a	methadone	treatment	program	for	

opioid	addiction.	After	two	months	in	case	management,	9	of	the	10	individuals	were	

employed;	6	of	the	10	kept	their	jobs	after	8	months	(Zanis	2001).	A	larger	study	in	1996	

examined	the	use	of	case	management	on	632	veterans	undergoing	substance	abuse	

treatment.	The	veterans	who	opted	for	case	management	exhibited	more	improvement	in	

employment	functioning	–	especially	duration	of	employment	–	than	the	veterans	who	

were	not	in	case	management	(Siegal	1996).	

While	previous	studies	have	focused	on	specific	groups	of	individuals	who	have	

received	case	management	or	different	countries	that	have	implemented	case	

management,	my	research	aims	to	contribute	to	institutional	knowledge	by	determining	

the	effect	of	case	management	on	a	large	group	of	individuals	using	a	large	sample	size	

across	all	of	the	United	States.	As	existing	research	is	divided	over	the	effects	of	case	

management	on	unemployment	levels,	I	follow	intuition	and	operate	with	the	hypothesis	

that	case	management	does,	in	fact,	have	a	significant	effect	on	reducing	employment.	After	

all,	it	seems	logical	that	having	additional	help	in	the	job	search	process	would	lead	to	less	

unemployment.	I	will	determine	this	through	an	approach	that	differs	from	the	

methodologies	of	the	existing	literature.	 	
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Data	

	 The	United	States	Census	Bureau	and	the	United	States	Bureau	of	Labor	Statistics	

administer	the	Current	Population	Survey	(CPS)	in	order	to	provide	data	on	the	current	

state	of	the	country’s	employment	and	labor	force	participation.	The	CPS	contains	two	

supplementary	datasets:	the	Merged	Outgoing	Rotation	Group	(MORG)	and	the	Annual	

Social	and	Economic	Supplement	-	which	will	be	referred	to	as	the	March	CPS	dataset,	as	

the	annual	supplement	is	released	every	March.	

The	National	Bureau	of	Economic	Research,	a	Cambridge,	MA-based	economic	

research	organization,	extracts	and	compiles	the	CPS	MORG	into	one	annual	dataset,	while	

the	Center	of	Economic	and	Policy	Research,	a	Washington	D.C.-based	economic	policy	

think-tank,	does	the	same	for	the	CPS	March.	Both	supplementary	datasets	contain	

observations	on	an	individual	level	with	employment	status	as	well	as	education	level	and	

demographic	information.	For	each	given	year,	the	March	CPS	dataset	has	185,487	

observations,	while	the	CPS	ORG	dataset	has	314,873	observations	–	allowing	for	an	

analysis	of	a	larger	group	than	those	that	previous	studies	have	looked	into.		

	 For	my	dataset,	I	ultimately	decided	to	use	the	CPS	MORG,	as	it	provided	the	

advantage	of	having	nearly	twice	the	number	of	observations	as	CPS	March.	This	large	

sample	allowed	for	more	nuanced	analysis	than	previous	studies,	which	I	will	cover	in	

Methodology.	Thus,	I	manipulated	the	annual	MORG	datasets	to	look	at	pooled	cross-

sectional	data	from	2007-2016	–	essentially	consolidating	the	individual-level	data	into	a	

state-year	level	–	in	order	to	study	the	effects	of	economic	conditions	and	UI	program	

characteristics	on	unemployment.	My	dataset	only	included	all	individuals	aged	19-64	who	
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are	labeled	at	active	in	the	labor	force	or	whose	labor	force	status	was	not	missing.	The	age	

limitation	was	created	in	order	to	account	for	eligibility	of	unemployment	insurance.	I	

chose	to	focus	on	age,	race/ethnicity,	and	gender	as	the	main	demographic	labels	for	my	

analysis.	

	

Dependent	Variable:	

o Unemployment	rate:	This	primary	dependent	variable	calculates	the	amount	of	

people	who	are	unemployed	as	a	percentage	of	the	active	labor	force	aged	19-64	in	

each	state.	

	

Independent	Variables:	

o UI	maximum	weekly	benefit	amount	with	dependent(s):	This	metric	is	considered	one	

of	two	proxies	for	state	generosity	toward	unemployment	It	is	the	maximum	weekly	

amount	of	unemployment	insurance	an	individual	can	receive	when	he/she	has	

dependents	(e.g.	children).	This	metric	represents	the	“absolute	value”	of	UI	

generosity,	and	is	given	by	state	and	by	year	from	2007-2016.	The	variable	was	

collected	through	the	“Unemployment	Insurance”	chapter	of	the	U.S.	House	of	

Representatives	Ways	and	Means	Committee	Green	Book,	which	outlines	federal	

benefits	and	welfare	to	the	states.	Green	Books	for	the	years	2016,	2014,	2012,	and	

2011	were	used;	other	years	were	collected	through	reports	from	the	Congressional	

Research	Service,	the	public	policy	think-tank	of	the	U.S.	Congress.	These	reports	are	

used	by	the	Ways	and	Means	Green	Books	in	the	UI	chapter.	This	variable	is	

calculated	as	the	real	maximum	weekly	UI	benefit,	meaning	the	metric	is	adjusted	
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for	inflation.	Year-by-year	inflation	was	collected	from	the	Bureau	of	Economic	

Analysis	–	with	the	base	year	of	2009	–	in	order	to	create	the	adjusted	

measurement.	In	the	regressions,	UI	maximum	weekly	benefit	amount	with	

dependent(s)	is	divided	by	100	to	show	the	effect	of	increasing	the	maximum	

amount	by	$100	as	opposed	to	a	mere	$1	increase.	

o Although	many	UI	metrics	are	not	in	the	final	regression	specification,	Table	

C	in	Appendix	looks	at	regressions	with	various	other	independent	variables	

found	in	the	Ways	and	Means	Committee	Green	Book:	UI	maximum	weekly	

benefit	amount	without	dependent(s),	UI	minimum	weekly	benefit	amount,	and	

maximum	weeks	eligible	for	UI	compensation.	The	rationale	behind	using	UI	

maximum	weekly	amount	of	benefits	with	dependent(s)	will	be	explained	later	

in	Methodology.	

o UI	replacement	ratio:	This	metric	is	the	second	measurement	as	a	proxy	for	state	UI	

generosity	toward	its	job-seeking	individuals,	representing	the	“relative	value”	of	UI	

generosity.	Replacement	ratio	is	the	ratio	of	a	UI	claimant’s	weekly	benefit	

compared	to	an	average	weekly	wage	of	a	“usual	job”	for	a	claimant.	Average	weekly	

wage	is	calculated	as	hourly	wage	normalized	to	40-hour	work	week.	The	UI	

replacement	ratios	by	state	and	by	year	were	collected	from	the	Employment	&	

Training	Administration	of	the	United	States	Department	of	Labor	(DOLETA).	

Unfortunately,	data	was	not	found	for	Florida	2014;	therefore,	regressions	using	

replacement	ratio	will	have	a	sample	size	of	one	fewer.	

o Two	replacement	ratios	were	offered	by	the	DOLETA.	I	decided	to	use	only	
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one	of	them	for	my	final	regression	specification,	as	the	second	ratio	

equation	was	slightly	more	complicated.	However,	in	Table	C	in	Appendix,	I	

use	the	second	UI	replacement	ratio.	The	second	replacement	ratio	is	

calculated	as	a	weighted	average	of	the	weekly	benefit	divided	by	a	weighted	

average	of	the	normalized	weekly	work	wage.	

o Case	management:	A	dummy	variable	that	identifies	the	implementation	of	case	

management	as	an	unemployment	service	for	job	seekers.	Case	management	is	

defined	as	the	presence	of	a	customer-relationship	management	system	in	which	

job	seekers	are	given	one	case	manager	to	interact	with	through	the	entire	job	

search	process,	as	opposed	to	career	centers	providing	one-off	services	to	connect	

job	seekers	to	various	resources	(e.g.	UI,	training,	resume	review,	workshops).	Data	

on	this	variable	was	collected	through	online	research	of	every	state	department	

that	offered	assistance	to	job	seekers.	

o High	intensity	of	case	management:	A	dummy	variable	that	identifies	the	presence	of	

a	high	level	of	intensity	in	a	state’s	case	management	practices.	A	high	level	of	

intensity	is	defined	as	the	use	of	employment	enforcement	as	a	component	of	case	

management,	meaning	case	managers	actively	reached	out	to	job	seekers	to	verify	

that	they	have	followed	the	steps	toward	securing	employment.	Case	management	

of	this	level	will	also	have	case	managers	follow	up	with	individuals	once	they	have	

secured	employment	in	order	to	ensure	they	maintain	the	positions.	

o Low	intensity	of	case	management:	A	dummy	variable	that	identifies	the	presence	of	

a	low	level	of	intensity	in	a	state’s	case	management	practices.	A	low	level	of	
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intensity	is	defined	as	the	presence	of	relationship	management	between	case	

managers	and	employment	seekers.	Case	managers	are	used	as	resources	to	secure	

employment,	but	they	do	not	actively	enforce	that	job	search	steps	are	being	carried	

out	nor	do	case	managers	follow	up	on	individuals	in	their	caseload	once	they	have	

secure	employment.	

	

Control	Variables:	

o Employment	growth	rate:	Employment	growth	rate	is	calculated	as	the	growth	in	

total	non-farm	and	non-seasonally	adjusted	employment	in	each	state	from	

December	of	the	previous	year	to	December	of	the	specified	year.	This	metric	was	

collected	from	the	Bureau	of	Labor	Statistics.	

o High	school	graduates:	The	percentage	of	individuals	who	graduated	from	high	

school	compared	to	the	total	labor	force.	As	this	data	came	from	a	survey,	having	a	

level	of	education	of	“high	school	graduate”	means	that	an	individual	completed	

high	school	but	did	not	attend	college.	All	the	education	level	control	variables	are	

mutually	exclusive	and	collectively	exhaustive.	The	rationale	for	having	education	

level	control	variables	will	be	given	in	Methodology.	

o Some	college	education:	The	percentage	of	individuals	who	received	some	college	

education	compared	to	the	total	labor	force.		

o College	graduates:	The	percentage	of	individuals	who	graduated	from	college	

compared	to	the	total	labor	force.	

o Advanced	degree	recipients:	The	percentage	of	individuals	who	received	an	
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advanced	degree	compared	to	the	total	labor	force.	Advanced	degrees	are	defined	as	

Masters	of	Arts/Sciences,	PhDs,	etc.	

o Male:	The	percentage	of	individuals	who	identify	as	male	as	their	gender	compared	

to	the	total	labor	force.	

o Black:	The	percentage	of	individuals	who	identify	as	black/African-American	as	

their	race	compared	to	the	total	labor	force.	

o Hispanic:	The	percentage	of	individuals	who	identify	as	Hispanic/Latinx	as	their	

ethnicity	compared	to	the	total	labor	force.	

o Ages	19	–	29:	The	percentage	of	individuals	who	are	19-years-old	to	29-years-old	

compared	to	the	total	labor	force.	An	explanation	for	having	age	controls	will	be	

given	in	Methodology.	

o Ages	30	–	39:	The	percentage	of	individuals	who	are	30-years-old	to	39-years-old	

compared	to	the	total	labor	force.	

o Ages	40	–	49:	The	percentage	of	individuals	who	are	40-years-old	to	49-years-old	

compared	to	the	total	labor	force.	

o Ages	50	–	65:	The	percentage	of	individuals	who	are	50-years-old	to	65-years-old	

compared	to	the	total	labor	force.	

	

From	the	various	sources	listed	above,	I	compiled	a	dataset	of	510	observations	–	

across	50	states	and	Washington	D.C.	and	10	years.	Unfortunately,	limitations	exist	in	the	

data	collection	process.	Firstly,	as	mentioned	above,	the	UI	replacement	ratio	metric	was	

missing	a	value	of	Florida	2014;	thus,	I	was	unable	to	include	that	state-year	in	my	final	
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dataset.	Regarding	data	collection	of	the	case	management	variable,	I	had	difficulty	

collecting	information	on	the	year	that	case	management	was	fully	implemented.	Case	

management	is,	in	practice,	a	noisy	variable	to	track,	as	there	is	little	information	on	the	

date	of	implementation.	Either	case	management	had	informally	been	implemented	

without	having	its	official	case	management	identification	or	it	was	rolled	out	slowly	with	

no	definite	start	date.	Thus,	I	was	forced	to	assume	that	all	states	–	if	they	practiced	case	

management	–	had	already	had	the	service	intact	by	2007	and	onwards	completely	to	

2016.	This	limitation	will	be	further	discussed	as	an	extension	of	my	analysis	in	Conclusion.	 	
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Methodology	

In	order	to	determine	the	effect	of	unemployment	insurance	level	and	case	

management	on	unemployment,	I	created	a	series	of	regressions	in	order	to	isolate	the	

effects	of	the	two	unemployment	benefits.	I	ultimately	decided	to	use	OLS	regressions	with	

state	and	year	fixed	effects.	State	fixed	effects	control	for	unobservable	factors	that	affect	

unemployment	that	vary	across	states,	but	not	over	time.	Year	fixed	effects	control	for	

unobservable	factors	that	affect	unemployment	that	vary	over	time,	but	not	across	states.		

Lastly,	robust	standard	errors	that	are	clustered	on	state	are	used	to	account	for	

heteroscedasticity	and	autocorrelation.	Heteroscedasticity	was	discovered	by	graphing	a	

residual	vs.	fitted	values	plot	after	performing	the	first	series	of	regressions	and	observing	

a	U-shaped	pattern	among	the	residual	values	(Figure	B	of	Appendix).	A	Breusch-Pagan	test	

was	also	conducted	to	corroborate	that	robust	standard	errors	are	needed,	and	the	BP	test	

statistic	was	significant	at	a	5%	level.	

The	Ways	and	Means	Committee	Green	Book	provides	a	number	of	metrics	to	

measure	the	UI	generosity	toward	claimants.	Ultimately,	only	the	independent	variable	of	

maximum	weekly	benefit	level	with	dependent(s)	is	used	–	the	rationale	being	that	the	

variable	reveals	the	largest	amount	that	a	state	is	willing	to	give	to	a	claimant	while	also	

showing	a	state’s	willingness	to	help	claimants	who	have	other	individuals	depending	on	

them.	Moreover,	minimum	weekly	benefit	amount	has	less	variance	over	the	observations	

compared	to	maximum	amount.	The	maximum	weeks	of	UI	eligibility	also	had	very	little	

variation	across	years	and	states,	and	I	was	hesitant	to	use	a	variable	with	small	movement	

from	observation	to	observation.	
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Education	level	controls	were	added	in	order	to	account	for	the	variability	in	UI	

participation	rates	across	subgroups	with	different	levels	of	education.	The	same	logic	was	

employed	for	controls	in	gender,	race/ethnicity,	and	age	subgroups.	Tables	1,	2,	and	3	show	

the	variability	of	UI	participation	across	the	four	groups	of	control	variables.	

	

Table	1:	UI	Participation	Rates	by	Gender	and	Age	Group,	2015	

	 Males	 Females	
Ages	19	-	29	
	

1.68%	 1.18%	

Ages	30	-	39	
	

2.42%	 1.77%	

Ages	40	-	49	
	

2.69%	 1.92%	

Ages	50	-	65	
	

2.77%	 1.93%	

Calculations	are	made	using	2016	March	CPS	data,	which	refer	to	calendar	year	2015.	An	individual	
who	reports	receiving	any	personal	income	from	UI	in	2015	is	coded	as	participating	in	UI.	The	
samples	include	individuals	aged	19-64	whose	labor	force	status	is	not	missing.	Participation	rates	
are	weighted	by	the	March	CPS	person	weight.	
	

The	first	set	of	regressions	I	run	is	for	the	unrestricted	sample,	which	includes	all	

individuals	aged	19-64	who	are	in	the	labor	force	and	whose	labor	force	status	is	not	

missing.	The	model	specification	I	use	for	the	unrestricted	sample	is	shown	below:	

	

(1) unemployment_ratest	=	β0	+	β1employment_growth_ratest	+	

β2UI_replacement_ratiost	+	β3UI_max_benst	+	β4HS_gradst	+	β5some_collegest	+	

β6college_gradst	+	β7advanced_degreest	+	β8malest	+	β9blackst	+	β10hispanicst	+	

β11age1929st	+	β12age3039st	+	β13age4049st	+	γs	+	νt	+	εst	

	

The	variables	from	equation	(1)	have	been	defined	in	the	Data	section.	The	
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subscripts	s	and	t	are	for	state	and	year	respectively,	and	γs	and	νt	are	year	and	state	fixed	

effects	respectively.	The	results	are	reported	in	Table	4	in	Results.	Regressions	(1)	and	(2)	

–	indicated	by	the	columns	–	include	the	employment	growth	rate	and	exclude	the	two	UI	

variables,	regressions	(3)	and	(4)	exclude	the	employment	growth	rate	and	include	the	two	

UI	variables,	and	regressions	(5)	and	(6)	include	all	three	variables.	Regressions	(2),	(4),	

and	(6)	include	state	and	year	fixed	effects,	while	the	other	regressions	do	not.	Regression	

(6),	in	which	I	include	measures	of	both	economic	conditions	and	UI	program	

characteristics	on	the	right-hand-side	and	employ	state	and	year	fixed	effects,	is	my	

preferred	specification,	and	I	will	focus	my	discussion	on	those	results	in	Results.	Variables	

were	gradually	included	into	the	equation	in	order	to	determine	their	importance	in	

isolating	the	effects	of	case	management	and	UI	generosity.	

However,	after	the	first	series	of	regressions,	I	had	the	suspicion	that	looking	at	a	

larger	sample	might	mask	the	effect	of	UI	for	a	smaller	subgroup	that	is	more	at	risk	to	take	

up	unemployment	benefits.	I	looked	into	UI	participation	rates	by	gender,	education,	and	

race	(my	three	main	demographic	groups)	in	CPS	March	and	discovered	that	lower-

educated	males	–	especially	white	male	high	school	graduates	–	had	higher	UI	participation	

rates.	For	example,	males	that	had	dropped	out	of	high	school	had	1.1%	more	participation	

in	unemployment	insurance	than	females	that	had	dropped	out	of	high	school.	Across	the	

board,	males	are	more	likely	to	participate	in	UI,	but	the	disparity	is	most	apparent	in	high	

school	dropouts,	high	school	graduates,	and	individuals	with	some	college	education.	The	

results	are	shown	in	Tables	2	and	3.	
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Table	2:		UI	Participation	Rates	by	Gender	and	Education,	2015	
	
	 Males	 Females	
HS	Dropouts	
	

2.56%	 1.46%	

HS	Graduates	
	

3.14%	 1.95%	

Some	College	
	

2.64%	 2.12%	

College	Graduates	
	

1.44%	 1.34%	

Advanced	Degree	
	

1.12%	 0.98%	

Calculations	are	made	using	2016	March	CPS	data,	which	refer	to	calendar	year	2015.	An	individual	
who	reports	receiving	any	personal	income	from	UI	in	2015	is	coded	as	participating	in	UI.	The	
samples	include	individuals	aged	19-64	whose	labor	force	status	is	not	missing.	Participation	rates	
are	weighted	by	the	March	CPS	person	weight.	

	
Table	3:		UI	Participation	Rates	by	Gender,	Education,	and	Race,	2015	

	
	 White	Males	 Non-white	Males	 White	Females	 Non-white	

Females	
HS	Dropouts	
	

3.24%	 2.23%	 1.50%	 1.44%	

HS	Graduates	
	

3.76%	 2.25%	 2.24%	 1.58%	

Some	College	
	

2.91%	 2.15%	 1.91%	 2.46%	

College	Graduates	
	

1.40%	 1.53%	 1.32%	 1.38%	

Advanced	Degree	
	

0.94%	 1.54%	 0.90%	 1.14%	

Calculations	are	made	using	2016	March	CPS	data,	which	refer	to	calendar	year	2015.	An	individual	
who	reports	receiving	any	personal	income	from	UI	in	2015	is	coded	as	participating	in	UI.	The	
samples	include	individuals	aged	19-64	whose	labor	force	status	is	not	missing.	Participation	rates	
are	weighted	by	the	March	CPS	person	weight.	

	

The	advantage	of	using	CPS	MORG	datasets	is	the	ability	to	narrow	the	demographic	

group	in	focus	without	compromising	the	power	of	the	model.	Thus,	after	examining	the	

unrestricted	sample,	I	next	restrict	the	sample	to	include	only	males	aged	19-64	who	are	in	

the	labor	force	and	have	less	than	a	college	degree.	In	these	regressions,	the	college	
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graduate,	advanced	degree,	and	male	variables	are	excluded	from	the	right-hand-side.	The	

model	used	for	this	restricted	sample	is	shown	below:	

	

(2) unemployment_ratest	=	β0	+	β1employment_growth_ratest	+	

β2UI_replacement_ratiost	+	β3UI_max_benst	+	β4HS_gradst	+	β5some_collegest	+	

β9blackst	+	β10hispanicst	+	β11age1929st	+	β12age3039st	+	β13age4049st	+	γs	+	νt	+	

εst	

	

Finally,	I	restrict	the	sample	even	further	to	include	only	white	male	high	school	

graduates	aged	19-64	who	are	in	the	labor	force	–	the	subgroup	with	the	highest	UI	

participation	rates.	When	those	regressions	are	run	the	black,	Hispanic,	and	male	variables,	

and	all	of	the	education	variables	are	excluded	from	the	right-hand	side.	Due	to	the	smaller	

size	of	the	subgroup,	Hawaii	and	Washington	D.C.	could	not	be	included	into	the	dataset	–	

both	areas	had	less	than	an	average	of	30	individuals	who	fit	this	criterion	over	the	10	

years	observed.	The	model	used	for	the	further	restricted	sample	is	shown	below:	

	

(3) unemployment_ratest	=	β0	+	β1employment_growth_ratest	+	

β2UI_replacement_ratiost	+	β3UI_max_benst	+	β11age1929st	+	β12age3039st	+	

β13age4049st	+	γs	+	νt	+	εst	

	

	 For	equations	(2)	and	(3),	the	same	methodology	is	in	place	where	variables	of	

interest	and	fixed	effects	are	added	over	a	series	of	regressions	in	order	to	accurately	

isolate	the	effect	of	UI	benefits	on	unemployment.	For	these	smaller,	more-focused	
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samples,	my	hypothesis	is	that	the	effects	of	UI	replacement	ratio	and	UI	maximum	weekly	

benefit	with	dependents	will	have	an	even	greater	magnitude	effect	on	the	reduction	of	

unemployment	rate.	The	results	of	the	smaller	samples	with	higher	UI	participation	are	

listed	in	Tables	A	and	B	in	the	Appendix.	

	 To	study	the	effects	of	case	management	on	unemployment	rate,	I	employed	the	

same	methodology	of	a	series	of	OLS	regressions	–	using	two	different	specifications:	one	

with	the	simple	presence	of	case	management,	and	another	with	the	presence	of	a	high	

level	of	intensity	for	case	management	versus	a	low	level	of	intensity.	For	these	

specifications,	I	focused	on	the	restricted	sample	of	only	males	aged	19-64	who	are	in	the	

labor	force	and	have	less	than	a	college	degree	–	theoretically	the	main	recipients	of	case	

management	service	due	to	the	subgroup’s	high	UI	participation	rate.	I	decided	against	

using	the	restricted	sample	of	white	male	high	school	graduates	aged	19-64	in	the	labor	

force	–	the	subgroup	with	the	highest	UI	participation	rate	–	because	the	sample	was	too	

small.	The	models	used	are	shown	below:	

	

(4) unemployment_ratest	=	β0	+	β14case_managements	+	β1employment_growth_ratest	

+	β2UI_replacement_ratiost	+	β3UI_max_benst	+	β4HS_gradst	+	β5some_collegest	+	

β9blackst	+	β10hispanicst	+	β11age1929st	+	β12age3039st	+	β13age4049st	+	γs	+	νt	+	

εst	
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(5) unemployment_ratest	=	β0	+	β14case_management_highs	+	

β15case_management_lows	+	β1employment_growth_ratest	+	

β2UI_replacement_ratiost	+	β3UI_max_benst	+	β4HS_gradst	+	β5some_collegest	+	

β9blackst	+	β10hispanicst	+	β11age1929st	+	β12age3039st	+	β13age4049st	+	γs	+	νt	+	

εst	

	

	 Again,	the	same	methodology	is	in	place	where	variables	of	interest	and	fixed	effects	

are	added	over	a	series	of	regressions	in	order	to	accurately	isolate	the	effect	of	case	

management	on	unemployment.	The	UI	variables	of	generosity	are	already	included	into	

the	regressions.	The	results	of	the	effect	are	listed	in	Table	5	in	Results.	
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Results	

	 	After	running	the	series	of	regressions	for	equation	(1),	I	observed	that	my	

hypothesis	that	high	levels	of	UI	generosity	lead	to	a	reduction	in	unemployment	rate	was	

false.	The	coefficients	and	standard	errors	of	the	variables	are	listed	in	Table	4	below.	
	

Table	4:		The	Effects	of	Economic	Conditions	and	UI	Program	Characteristics	on	the	Unemployment	
Rate	of	All	Individuals	Aged	19-64,	2007-2016	

	
Y	=	Unemployment	rate	

	 (1)	 (2)	 (3)	 (4)	 (5)	 (6)	
UI	max	
dependent	
benefit^	

	 	 0.372**	
(0.154)	

0.342		
(0.149)	

0.361**	
(0.149)	

-0.260	
(0.136)	

Replacement	
ratio	for	UI	

	 	 -4.265	
(2.932)	

2.779	
(3.284)	

-4.718*	
(2.896)	

2.190	
(2.981)	

Employment	
growth	rate	

-0.160***	
(0.026)	

-0.227***	
(0.038)	

	 	 -0.159***	
(0.026)	

-0.224***	
(0.038)	

%	HS	
graduate	

-0.134	
(0.107)	

-0.016	
(0.075)	

-0.130	
(0.105)	

		-0.031	
(0.079)	

-0.128	
(0.104)	

-0.015	
(0.076)	

%	Some	
college	

-0.111	
(0.122)	

-0.027	
(0.064)	

-0.105	
(0.122)	

-0.055	
(0.068)	

-0.090	
(0.124)	

-0.024	
(0.066)	

%	College	
graduates	

-0.283***	
(0.089)	

-0.181**	
(0.084)	

-0.316***	
(0.090)	

-0.165*	
(0.093)	

-0.301***	
(0.089)	

-0.172*	
(0.088)	

%	Advanced	
degree	

-0.024	
(0.135)	

-0.118	
(0.077)	

-0.068	
(0.140)	

-0.136*	
(0.081)	

-0.059	
(0.142)	

-0.112	
(0.080)	

%	Male	
	

-0.219	
(0.166)	

-0.094	
(0.078)	

-0.261*	
(0.150)	

-0.011	
(0.075)	

-0.247	
(0.155)	

-0.096	
(0.079)	

%	Black	
	

0.030	
(0.021)	

-0.099	
(0.067)	

0.041**	
(0.021)	

-0.112*	
(0.066)	

0.046**	
(0.022)	

-0.097	
(0.066)	

%	Hispanic	
	

0.029	
(0.033)	

-0.032	
(0.046)	

0.030	
(0.032)	

-0.039	
(0.047)	

0.035	
(0.034)	

-0.030	
(0.047)	

R2	 0.206	 0.872	 0.210	 0.861	 0.230	 0.872	
n	 510	 510	 509	 509	 509	 509	

	

Age	controls	 yes	 yes	 yes	 yes	 yes	 yes	
State	&	year	
fix	effects	

no	 yes	 no	 yes	 no	 yes	

The	sample	includes	individuals	aged	19-64	who	are	in	the	labor	force	and	whose	labor	force	
status	is	not	missing.	See	the	text	for	a	description	of	how	the	independent	variables	are	defined.	
Robust	standard	errors	that	are	clustered	on	state	appear	in	parentheses.	***,	**,	and	*	indicate	
statistical	significance	at	the	1%,	5%,	and	10%	levels,	respectively.	
	

^UI	max	dependent	benefit	is	divided	by	100	to	show	its	effect	on	unemployment	through	$100	shifts	
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The	most	important	takeaway	from	Table	4	is	that	when	examining	the	effects	of	UI	

generosity	on	unemployment,	controlling	for	economic	conditions	is	a	necessity.	In	

regressions	(3)	and	(4),	the	UI	maximum	benefit	level	and	the	UI	replacement	ratio	are	

included	on	the	right-hand	side	and	the	employment	growth	rate	is	excluded.	State	and	

year	fixed	effects	are	excluded	in	regression	(3)	and	then	included	in	regression	(4).	

Moving	from	regression	(3)	to	regression	(4),	the	R2	jumps	from	0.210	to	0.861,	which	

demonstrates	that	using	year	fixed	effects	to	control	for	variables	that	vary	over	time	but	

not	across	states,	such	as	national	economic	conditions,	is	essential	to	explaining	variation	

in	the	unemployment	rate.	Adding	controls	for	state-specific	economic	conditions	further	

improves	the	fit	of	the	regression	line.	Moving	from	the	regression	(4)	specification	to	the	

regression	(6)	specification,	in	which	the	employment	growth	rate	is	added	as	a	regressor,	

increases	the	R2	from	0.861	to	0.872.	When	the	employment	growth	rate	rises	by	1	

percentage	point,	the	unemployment	rate	is	predicted	to	decline	by	about	0.22	percentage	

points.	In	addition	to	employment	growth	rate,	the	presence	of	graduating	college	has	a	

significant	effect	on	reducing	unemployment	–	which	follows	established	thinking	that	a	

college	degree	leads	to	more	job	security.	With	a	percentage	point	increase	of	individuals	

with	a	college	degree	in	a	population,	we	predict	the	unemployment	rate	to	decrease	by	

0.17	percentage	points.	

	 The	Table	4	results	also	indicate	that	the	UI	program	characteristics	have	little	

explanatory	power.	Neither	the	coefficient	estimate	on	the	UI	maximum	weekly	benefit	

amount	with	dependent(s)	nor	the	coefficient	estimate	on	the	UI	replacement	ratio	is	

statistically	significant.	In	regression	(2),	the	employment	growth	rate	is	included	on	the	
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right-hand	side,	the	two	UI	variables	are	excluded,	and	state	and	year	fixed	effects	are	

employed.	Moving	from	the	regression	(2)	specification	to	the	regression	(6)	specification,	

in	which	the	two	UI	variables	are	added	as	regressors,	does	not	increase	the	R2.	The	R2	is	

equal	to	0.872	in	both	regression	(2)	and	regression	(6).	

	 A	final	point	worth	emphasizing	is	that	the	Table	4	results	indicate	that	using	state	

and	year	fixed	effects	is	crucially	important.	In	the	regression	(5)	specification,	which	

excludes	both	state	and	year	fixed	effects,	the	coefficient	estimate	on	the	UI	replacement	

ratio	is	negative	and	statistically	significant	at	the	10%	level.	Once	state	and	year	fixed	

effects	are	added,	however,	the	coefficient	estimate	becomes	positive	and	statistically	

insignificant.	It	could	be	that	wealthier	states,	which	tend	to	have	lower	rates	of	

unemployment,	also	tend	to	have	high	UI	replacement	ratios	because	citizens	and	

policymakers	feel	that	the	government	can	afford	to	replace	a	high	percentage	of	lost	

income	when	workers	are	laid	off	during	a	downturn	because	of	the	state’s	abundant	

resources.	Failing	to	control	for	these	potential	sources	of	omitted	variable	bias	with	the	

use	of	state	and	year	fixed	effects	–	such	as	in	regression	(5)	–	results	in	the	misleading	

coefficient	estimates	in	which	the	two	UI	variables	have	a	statistically	significant	impact	on	

reducing	unemployment.	

	 After	running	equations	(2)	and	(3),	the	coefficients	and	standard	errors	of	the	

variables	are	listed	in	Appendix	Table	A	and	B.	The	same	results	as	those	for	equation	(1)	

were	observed	–	when	examining	the	effects	of	UI	generosity	on	unemployment,	

controlling	for	economic	conditions	and	unobserved	effects	across	states	and	across	time	is	

a	necessity.	However,	even	with	the	controls	in	place,	both	measurements	of	UI	generosity	
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do	not	have	a	significant	effect	on	reducing	unemployment.	For	all	three	equations,	a	joint	

significance	test	showed	that	UI	maximum	weekly	benefit	amount	with	dependent(s)	and	

UI	replacement	ratio	are	not	jointly	significant.	Across	all	samples,	only	employment	

growth	rate	has	a	significant	effect	on	unemployment	–	which	makes	intuitive	sense	based	

on	fundamental	economics.	

Table	C	in	the	Appendix	shows	various	specifications	that	use	the	different	UI	

generosity	variables	to	show	their	significance	for	the	restricted	sample	of	white	male	high	

school	graduates	aged	19-64	who	are	in	the	labor	force.	The	results	show	that	none	of	the	

other	UI	generosity	variables	are	significant	–	except	for	the	maximum	weeks	of	UI	

eligibility	which	is	significant	at	a	1%	level;	however,	the	coefficient	is	incorrectly	positive.	

This	erroneous	direction	may	be	explained	by	the	lack	of	variation	across	states	and	across	

time	for	the	maximum	weeks	of	eligibility	–	hence	the	reason	as	to	why	the	variable	wasn’t	

included	in	the	original	series	of	regressions.	

For	the	case	management	analysis,	equations	(4)	and	(5)	were	run,	and	my	

hypothesis	that	the	presence	of	case	management	leads	to	a	significant	reduction	in	

unemployment	was	correct,	but	the	results	did	not	play	out	exactly	to	my	expectations.	The	

coefficients	and	standard	errors	of	this	analysis	are	listed	below	in	Table	5.	Again,	the	

importance	of	the	use	of	state	and	year	fixed	effects	is	evident.	When	using	the	regression	

(1)	and	(3)	specifications	without	both	state	and	year	fixed	effects,	the	coefficient	estimate	

on	case	management	is	not	significant;	however,	the	coefficient	estimate	of	UI	maximum	

weekly	benefit	amount	with	dependent(s)	is	incorrectly	positive	and	statistically	significant	

at	the	1%	level,	while	coefficient	estimate	of	UI	replacement	ratio	is	statistically	significant	
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at	the	10%	level.	

After	the	fixed	effects	are	added	in	regressions	(2)	and	(4),	the	UI	generosity	

variables	are	no	longer	significant.	For	regression	(2),	case	management	is	now	negative	

and	significant	at	the	1%	level.	The	presence	of	case	management	is	predicted	to	decrease	

unemployment	rate	by	3.71	percentage	points.	The	results	of	regression	(4)	has	a	

surprising	finding.	I	expected	both	levels	of	intensity	of	case	management	to	have	a	

significant	effect	on	reducing	unemployment	and	that	a	high	intensity	level	of	case	

management	to	have	a	larger	effect	on	unemployment	than	a	simple	presence	of	case	

management	while	a	low	intensity	level	of	case	management	would	have	a	smaller	effect	

compared	to	the	presence	of	case	management.	However,	only	the	coefficient	estimate	of	

high	intensity	case	management	is	statistically	significant	at	a	1%	level,	while	the	

coefficient	estimate	of	low	intensity	case	management	is	not	significant	at	all.	Moreover,	the	

coefficient	estimate	of	high	intensity	case	management	has	a	smaller	effect	on	

unemployment	than	just	the	presence	of	case	management.	Thus,	I	observe	that	only	a	high	

level	of	case	management	intensity	contributes	to	a	statistically	significant	reduction	in	

unemployment	rate,	while	the	effect	of	low	level	intensity	is	negligible.	The	presence	of	a	

high	level	of	intensity	of	case	management	is	predicted	to	decrease	unemployment	rate	by	

2.5	percentage	points.	As	with	the	other	series	of	regressions,	employment	growth	rate	has	

a	consistently	significant	effect	on	unemployment	–	all	at	the	1%	level.	
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Table	5:		The	Effects	of	Case	Management	on	the	Unemployment	Rate	of	Males	Aged	19-64	with	
Less	Than	a	College	Degree,	2007-2016	

	
	 (1)	 (2)	 (3)	 (4)	

Case	
management	

-0.090	
(0.378)	

-3.714***	
(1.046)	

	 	

High	touch	
case	
management	

	 	 -0.151	
(0.396)	

-2.543***	
(0.725)	

Low	touch	
case	
management	

	 	 -0.030	
(0.481)	

0.039	
(2.426)	

UI	max	
dependent	
benefit^	

0.484***	
(0.148)	

-0.107	
(0.232)	

0.490***	
(0.149)	

-0.107	
(0.232)	

Replacement	
ratio	for	UI	

-7.696*	
(4.138)	

5.412	
(4.482)	

-7.754*	
(4.172)	

5.412	
(4.482)	

Employment	
growth	rate	

-0.348***	
(0.040)	

-0.405***	
(0.055)	

-0.348***	
(0.040)	

-0.405***	
(0.055)	

%	HS	
graduate	

-0.043	
(0.076)	

-0.054	
(0.071)	

-0.042	
(0.076)	

-0.054	
(0.071)	

%	Some	
college	

-0.026	
(0.088)	

-0.043	
(0.074)	

-0.025	
(0.088)	

-0.043	
(0.074)	

%	Black	
	

0.083***	
(0.024)	

-0.130	
(0.123)	

0.084***	
(0.024)	

-0.130	
(0.123)	

%	Hispanic	
	

0.030	
(0.022)	

-0.025	
(0.063)	

0.030	
(0.022)	

-0.025	
(0.063)	

R2	 0.228	 0.853	 0.228	 0.853	
n	 509	 509	 509	 509	

	

Age	controls	 yes	 yes	 yes	 yes	
State	&	year	
fix	effects	

no	 yes	 no	 yes	

The	sample	includes	males	aged	19-64	with	less	than	a	college	degree	who	are	in	the	labor	force	
and	whose	labor	force	status	is	not	missing.	See	the	text	for	a	description	of	how	the	independent	
variables	are	defined.	Robust	standard	errors	that	are	clustered	on	state	appear	in	parentheses.	
***,	**,	and	*	indicate	statistical	significance	at	the	1%,	5%,	and	10%	levels,	respectively.	
	

^UI	max	dependent	benefit	is	divided	by	100	to	show	its	effect	on	unemployment	through	$100	shifts	
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Conclusion	

	 Ultimately,	my	UI	generosity	hypothesis	was	not	proven	correct	with	empirical	

evidence	–	UI	generosity	levels	have	no	statistically	significant	effect	on	reducing	

unemployment.	These	results	align	with	previous	research	that	larger	UI	benefits	had	a	

negative	effect	on	individuals	leaving	unemployment	(Meyer	1990)	and	with	conventional	

thought	among	the	labor	economists	that	more	generous	UI	policies	prolong	

unemployment.	The	implication	of	my	findings	is	that	states	are	unnecessarily	spending	

money	on	high	levels	unemployment	insurance,	as	larger	amounts	of	UI	do	not	translate	

into	a	statistically	significant	decrease	in	unemployment	rate.	On	an	individual	level,	more	

generous	UI	packages	do	not	lead	to	individuals	finding	employment	more	easily.	

However,	as	mentioned	previously,	there	were	limitations	to	my	analyses	that	may	

account	for	the	insignificant	effects	of	UI	replacement	ratio	and	UI	maximum	weekly	

benefit	with	dependent(s)	on	unemployment.	My	dataset	only	included	510	observations	–	

with	several	observations	being	omitted	due	to	previously	mentioned	complications.	As	

such,	I	was	only	observing	10	years	of	data	across	the	50	states	and	Washington	D.C.	When	

state	fixed	effects	were	included	into	the	regression,	the	state	fixed	effects	may	have	

absorbed	all	the	movement	in	the	sample	–	thus	eliminating	the	effects	of	my	UI	

independent	variables	of	interest.	A	future	extension	of	my	study	can	look	into	including	

time	periods	before	2007	into	the	dataset	–	thus	increasing	the	observations	such	that	

stronger	conclusions	can	be	drawn.	

	 It	would	be	interesting	to	look	into	a	narrower	group	of	individuals	who	are	more	

likely	to	take	up	unemployment	insurance	–	perhaps	even	divide	the	CPS	data	by	more	
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subgroups	than	merely	gender,	race/ethnicity,	and	education	level.	For	example,	future	

studies	can	look	into	workers	in	manufacturing	–	individuals	who	are	more	at	risk	to	lose	

their	jobs	and	become	claimants	of	unemployment	insurance	in	a	given	year	–	and	see	if	UI	

generosity	has	a	significant	effect	on	them.	Additionally,	the	focus	can	be	narrowed	to	a	few	

groups	of	states	that	have	had	a	historically	large	percentage	of	the	workforce	in	

manufacturing.	The	advantage	of	using	CPS	data	is	the	large	sample	size	it	provides	so	that	

incredibly	narrow	subgroups	can	be	observed.	

	 For	my	study	on	case	management,	my	hypothesis	that	case	management	leads	to	a	

reduction	in	unemployment	is	confirmed.	The	presence	of	case	management	has	a	

significant	effect	on	decreasing	the	unemployment	rate,	and	a	deeper	dive	reveals	that	a	

high	level	of	case	management	intensity	has	a	significant	effect	on	unemployment	while	a	

low	level	of	intensity	has	an	insignificant	effect	–	which	contradicted	my	hypothesis	that	

both	levels	of	intensity	have	a	significant	effect	on	unemployment.	These	findings	

contradict	existing	literature	that	case	management	did	not	improve	re-employment	

(Gursansky	2003)	and	that	more	resources	in	case	management	leads	to	no	significant	

improvement	in	short-term	employment	outcomes	(Peck	&	Scott	2005).	However,	these	

findings	supported	the	anecdotal	evidence	found	in	studies	of	smaller	subgroups	and	

sample	sizes	(Zanis	2001,	Siegal	1996).	

The	implication	of	my	findings	on	case	management	is	that,	in	general,	case	

management	works	–	the	practice	is	effective	in	reducing	unemployment	and	should	be	

invested	in	as	a	complement	to	existing	re-employment	services.	However,	specificity	on	

the	services	offered	by	case	management	are	imperative	for	successful	implementation.	
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Case	managers	must	be	trained	to	enforce	job	search	steps	for	individuals	in	their	

caseloads.	This	level	of	engagement	ensures	that	job	seekers	are	actively	pursuing	and	

completing	steps	toward	re-employment.	In	addition,	case	managers	must	offer	a	follow-up	

service	for	individuals	in	their	caseloads	who	have	recently	secured	jobs,	ensuring	that	

individuals	not	only	obtain	a	job	but	also	have	a	stable	grasp	on	the	responsibilities	of	the	

job.	States	that	are	not	following	these	guidelines	and	that	are	not	offering	these	services	

are	investing	time	and	money	into	case	management	programs	that	will	have	no	significant	

effect	on	combatting	unemployment	in	their	area.	

However,	this	analysis	on	case	management	also	had	limitations	that	may	

incorrectly	give	significance	to	the	presence	of	case	management	and	its	varying	levels	of	

intensity.	Apart	from	the	sample	size	issue,	I	previously	mentioned	in	Data	that	I	was	

forced	to	assume	that	states	with	case	management	had	already	implemented	the	service	

before	2007	and	carried	on	with	the	service	with	no	change	in	intensity	until	2016.	In	order	

to	relax	this	assumption,	a	future	study	can	gather	this	data	through	a	more	detailed	–	for	

example,	by	contacting	each	state’s	department	that	focuses	on	unemployment,	identifying	

the	exact	date	that	case	management	was	implemented,	and	discussing	the	changes	in	state	

case	management	practices	since	its	initial	implementation.		

To	conclude,	my	study	sought	to	shine	more	light	on	the	full	effects	of	

unemployment	benefits	like	UI	generosity	and	case	management	through	a	holistic	look	

across	America	in	the	most	recent	years	while	narrowing	focus	into	specific	subgroups.	

There	is	still	more	research	to	be	done	to	identify	practices	that	effectively	combat	

unemployment,	and	my	study	is	a	contribution	toward	this	goal.	 	
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Appendix	

Figure	A:	Public	Unemployment	Spending	of	OECD	Countries	

	
Source:	OECD	

	

Figure	B:	Residual	vs.	fitted	values	plot	of	my	regression	of	equation	(1)	

	 	

0

0.5

1

1.5

2

2.5

3

3.5

BE
L

ES
P

IR
L

FI
N

IT
A

FR
A

N
LD PR
T

LU
X

DE
U

AU
T IS
L

O
EC

D
CH

E
SV

N
CZ
E

AU
S

CA
N

LV
A

HU
N

SW
E

N
ZL

US
A

SV
K

N
O
R

IS
R

ES
T

GB
R

KO
R

JP
N

TU
R

CH
L

DN
K

Public	unemployment	spending
Total, %	of	GDP, 2013

-2
0

2
4

R
es

id
ua

ls

0 5 10
Fitted values



37	
	

Table	A:		The	Effects	of	Economic	Conditions	and	UI	Program	Characteristics	on	the	Unemployment	
Rate	of	Males	Aged	19-64	with	Less	Than	a	College	Degree,	2007-2016	

	
Y	=	Unemployment	rate	

	 (1)	 (2)	 (3)	 (4)	 (5)	 (6)	
UI	max	
dependent	
benefit^	

	 	 0.498	
(0.164)	

0.207	
(0.263)	

0.478***	
(0.155)	

-0.107	
(0.232)	

Replacement	
ratio	for	UI	

	 	 -6.548	
(4.318)	

6.569	
(4.984)	

-7.594*	
(4.215)	

5.412	
(4.482)	

Employment	
growth	rate	

-0.351***	
(0.040)	

-0.410***	
(0.056)	

	 	 -0.348***	
(0.040)	

-0.405***	
(0.055)	

%	HS	
graduate	

0.008	
(0.087)	

		-0.055	
(0.069)	

-0.052	
(0.079)	

-0.086	
(0.074)	

-0.046	
(0.076)	

-0.054	
(0.071)	

%	Some	
college	

0.011	
(0.091)	

-0.046	
(0.074)	

-0.050	
(0.091)	

-0.085	
(0.079)	

-0.030	
(0.088)	

-0.043	
(0.074)	

%	Black	
	

0.086***	
(0.027)	

-0.122	
(0.124)	

0.075***	
(0.024)	

-0.131	
(0.132)	

0.083***	
(0.024)	

-0.130	
(0.123)	

%	Hispanic	
	

0.045*	
(0.045)	

-0.028	
(0.064)	

0.018	
(0.020)	

-0.029	
(0.066)	

0.029	
(0.021)	

-0.025	
(0.063)	

R2	 0.200	 0.852	 0.185	 0.836	 0.228	 0.853	
n	 510	 510	 509	 509	 509	 509	

	

Age	controls	 yes	 yes	 yes	 yes	 yes	 yes	
State	&	year	
fix	effects	

no	 yes	 no	 yes	 no	 yes	

The	sample	includes	males	aged	19-64	with	less	than	a	college	degree	who	are	in	the	labor	force	
and	whose	labor	force	status	is	not	missing.	See	the	text	for	a	description	of	how	the	independent	
variables	are	defined.	Robust	standard	errors	that	are	clustered	on	state	appear	in	parentheses.	
***,	**,	and	*	indicate	statistical	significance	at	the	1%,	5%,	and	10%	levels,	respectively.	
	

^UI	max	dependent	benefit	is	divided	by	100	in	order	to	show	its	effect	on	unemployment	through	$100	
shifts	
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Table	B:		The	Effects	Economic	Conditions	and	UI	Program	Characteristics	on	the	Unemployment	
Rate	of	White	Male	High	School	Graduates	Aged	19-64,	2007-2016	

	
Y	=	Unemployment	rate	

	 (1)	 (2)	 (3)	 (4)	 (5)	 (6)	
UI	max	
dependent	
benefit^	

	 	 0.628***	
(0.173)	

0.260	
(0.241)	

0.623***	
(0.002)	

0.112	
(0.231)	

Replacement	
ratio	for	UI	

	 	 -6.430	
(4.276)	

0.929	
(5.643)	

-7.586*	
(4.158)	

-0.303	
(5.078)	

Employment	
growth	rate	

-0.331***	
(0.044)	

-0.409***	
(0.077)	

	 	 -0.330***	
(0.042)	

-0.400***	
(0.078)	

R2	 0.095	 0.777	 0.104	 0.762	 		0.142	 0.777	
n	 490	 490	 490	 489	 489	 489	

	

Age	controls	 yes	 yes	 yes	 yes	 yes	 yes	
State	&	year	
fix	effects	

no	 yes	 no	 yes	 no	 yes	

The	sample	includes	white	male	high	school	graduates	aged	19-64	who	are	in	the	labor	force	and	
whose	labor	force	status	is	not	missing.	See	the	text	for	a	description	of	how	the	independent	
variables	are	defined.	Robust	standard	errors	that	are	clustered	on	state	appear	in	parentheses.	
District	of	Columbia	and	Hawaii	were	omitted	from	the	dataset	due	to	a	small	sample	size	for	
each	state-year.	***,	**,	and	*	indicate	statistical	significance	at	the	1%,	5%,	and	10%	levels,	
respectively.	
	

^UI	max	dependent	benefit	is	divided	by	100	in	order	to	show	its	effect	on	unemployment	through	$100	
shifts	
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Table	C:		Robustness	Checks	of	the	Effects	of	Economic	Conditions	and	UI	Program	
Characteristics	on	the	Unemployment	Rate	of	Males	Aged	19-64	with	Less	Than	a	College	

Degree,	2007-2016	
	

Y	=	Unemployment	rate	
	 (1)	 (2)	 (3)	 (4)	 (5)	 (6)	

UI	min	
dependent	
benefit^	

	 	 0.699	
(1.075)	

0.723	
(1.032)	

0.195	
(0.899)	

0.219	
(0.863)	

UI	max	
benefit^^	

0.045	
(3.316)	

-0.063	
(3.246)	

	 	 -0.010	
(3.226)	

-0.135	
(3.161)	

Replacement	
ratio	1	for	UI	

3.597	
(4.763)	

	 4.238	
(4.674)	

	 3.444	
(4.978)	

	

Replacement	
ratio	2	for	UI	

	 3.718	
(3.647)	

	 4.317	
(3.587)	

	 3.611	
(3.716)	

Max	UI	
duration	
length	

0.247***	
(0.078)	

0.246***	
(0.078)	

	 	 0.244***	
(0.078)	

0.243***	
(0.078)	

Employment	
growth	rate	

-0.372***	
(0.057)	

-0.371***	
(0.057)	

-0.403***	
(0.057)	

-0.401***	
(0.056)	

0.373***	
(0.059)	

-0.372***	
(0.059)	

%	HS	
graduate	

-0.059	
(0.069)	

-0.057	
(0.069)	

-0.053	
(0.070)	

-0.050	
(0.070)	

-0.059	
(0.069)	

-0.056	
(0.069)	

%	Some	
college	

-0.036	
(0.073)	

-0.032	
(0.074)	

-0.040	
(0.074)	

-0.036	
(0.074)	

-0.035	
(0.073)	

-0.032	
(0.074)	

%	Black	
	

-0.085	
(0.128)	

-0.085	
(0.128)	

-0.137	
(0.126)	

-0.138	
(0.126)	

-0.088	
(0.131)	

-0.088	
(0.131)	

%	Hispanic	
	

-0.024	
(0.063)	

-0.023	
(0.064)	

-0.027	
(0.063)	

-0.027	
(0.064)	

-0.024	
(0.063)	

-0.023	
(0.064)	

R2	 0.858	 0.858	 0.853	 0.853	 0.858	 0.858	
n	 509	 509	 509	 509	 509	 509	

	

Age	controls	 yes	 yes	 yes	 yes	 yes	 yes	
State	&	year	
fix	effects	

yes	 yes	 yes	 yes	 yes	 yes	

The	sample	includes	males	aged	19-64	with	less	than	a	college	degree	who	are	in	the	labor	force	
and	whose	labor	force	status	is	not	missing.	See	the	text	for	a	description	of	how	the	independent	
variables	are	defined.	Robust	standard	errors	that	are	clustered	on	state	appear	in	parentheses.	
***,	**,	and	*	indicate	statistical	significance	at	the	1%,	5%,	and	10%	levels,	respectively.	
	

^UI	min	benefit	is	divided	by	100	in	order	to	show	its	effect	on	unemployment	through	$100	shifts	
^^-UI	max	benefit	is	divided	by	1000	in	order	to	show	its	effect	on	unemployment	through	$1000	shifts	
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